Precipitation extremes and their relation to climatic indices in the Pacific Northwest, USA
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Introduction Spatiotemporal variation of extreme precipitation and its relations to teleconnections (Large scale oscillations)

Table 1: Precipitation based extreme indices used in the study to evaluate the historical events and changes in same for future scenario period . . ] : : . . . R
P Y & P Table 2: Teleconnections/Climatic Indices analyzed in study for their relation with precipitation extreme
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» Therefore, identification of extreme precipitation events in the future plays an important role since it
Consecutive wet days Largest length of consecutive wet days within 30 years days

helps in effective allocation of resources which enhances the level of preparedness.
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StUdy Area » Climatic extremes are frequently evaluated through some indices.
CanESM2 CCSM4 ~ GFDLESM2G GFDLESMZM ~ INMCM4 ~ IPSL-CMSA-LR IPSL-CMSA-MR IPSL.CMSB-LR ~ MIROCS oo > A suite of 27 different indices is suggested (by ETCCDI) so as to unify
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. ?z (SVD) methods are applied for identification of correlations between
10 climate indices and precipitation extreme indices.
5 » The relation of climatic indices with precipitation extremes is carried out
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Elevation ' a » It is noted that all the precipitation extremes are depicting spatial
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Fig. 1: Study area, Columbia River Basin in the Pacific North-West USA.* e N Fig. 2: Consecutive Wet Days (CWD) as predicted by all the 10 statistically downscaled climate models in Historical and future scenario periods in Columbia River Basin (CRB). > The correlation of precipitation I M limate indices are
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Fig. 3: Relation between climatic indices and precipitation extremes as revealed by PCA 1n scatter plot along with the variance explained by dataset in various principal components 016-1774-1
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